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Abstract
Background: Mental health disorders are a leading cause of disability among adolescents and young people in Kenya, yet
access to appropriate and timely support remains severely limited due to shortages of trained professionals, stigma, financial
barriers, and geographical inequities. Digital mental health interventions, particularly those leveraging AI, present a promising
opportunity to expand access to culturally relevant, low-stigma mental wellness support in low- and middle-income country
(LMIC) settings. However, evidence on the feasibility, usability, and acceptability of AI-powered mental health tools for
young people in sub-Saharan Africa remains limited.
Objective: This study aims to co-design, develop, and evaluate “Dəˈskəs,” a social media–based digital platform featuring
an AI-powered chatbot, to support mental wellness among adolescents and young people in Kenya. The primary objectives
are to assess the feasibility of implementation, usability and user experience, acceptability, and the platform’s preliminary
applicability across diverse urban, peri-urban, and rural contexts.
Methods: The study uses a human-centered design (HCD) methodology, conducted in 3 phases: formative research and
co-design, platform development and iterative refinement, and implementation with monitoring and evaluation. Adolescents
and young people aged 18 to 24 years will be purposively recruited from Kibra (urban), Kikuyu Town (peri-urban), and Nachu
(rural). Formative data will be collected through focus group discussions to inform platform design, content, and functionality.
During implementation, participants will use the platform for 2 months. Quantitative data will include baseline behavioral
health screening using the Global Appraisal of Individual Needs–Short Screener (GAIN-SS) and platform use analytics.
Qualitative data will be collected through interviews and feedback sessions to assess usability, user experience, acceptability,
and perceived value. Data will be analyzed using descriptive statistics and thematic qualitative analysis.
Results: Field activities for the project started in January 2026. Formative data collection was planned to be completed across
the 3 Kenyan study sites by the end of February 2026. Usability and user experience testing was planned to run from March
2026 to June 2026. Findings from the formative work, baseline data, and usability and user experience testing will be reported
in subsequent original research publications. The study was funded by the Royal Academy of Engineering, UK in 03/2025
and approved by the Strathmore University Institutional Scientific Ethics Review Committee (SU-ISERC; SU-ISERC 2980/25)
approved from November 4, 2026.
Conclusions: This protocol describes an adolescent-centered, ethically grounded approach to developing and evaluating an
AI-enabled digital mental health intervention in an LMIC context. The findings are expected to contribute to the evidence base
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on the responsible design and implementation of AI-powered mental health tools for adolescents and young people and to
inform future scale-up of accessible, culturally relevant digital mental wellness interventions in Kenya and similar settings.
International Registered Report Identifier (IRRID): DERR1-10.2196/92983

JMIR Res Protoc 2026;15:e92983; doi: 10.2196/92983
Keywords: conversational health systems; participatory cocreation; adolescent-centered innovation; psychosocial support
tools; stigma-sensitive design; peer-mediated support; scalable digital solutions; low-resource environments; digital health
equity; large language models; chatbot

Introduction
Mental health conditions represent a significant and grow-
ing public health challenge globally, particularly among
adolescents [1]. Although mental disorders are recognized
as a leading cause of health burden among this age group
worldwide, robust data, especially from low- and middle-
income countries (LMICs) such as Kenya, remain scarce,
often limiting the generalizability of findings. In Kenya, the
burden is substantial; data from 2019 indicated that mental
disorders were the second leading cause of disability among
young people aged 10 to 24 years, contributing significantly
to the overall disease burden and accounting for 248,936
disability-adjusted life years (DALYs), representing 9.4% of
the total DALYs for this age group [2]. This high burden
underscores the profound impact of mental health challenges
on young people in Kenya, affecting their education, social
development, and future potential, thereby highlighting the
need for effective interventions. The economic and social
consequences extend beyond impacted individuals, impacting
families and national productivity and justifying investment
in preventive and early intervention strategies [3,4].

Recent efforts, such as the Kenya National Adolescent
Mental Health Survey (K-NAMHS), have begun to pro-
vide crucial national prevalence estimates. Findings from a
large household survey involving 5155 adolescent-caregiver
pairs indicated that 12.1% (95% CI 10.9-13.5) of Kenyan
adolescents met the criteria for any mental disorder in the past
12 months, with 9.4% (95% CI 8.3-10.6) meeting criteria in
the past 4 weeks. The K-NAMHS report, focusing on children
aged 10 to 17 years, similarly found a 12-month prevalence
of any mental disorder of 12.2%, with 2.4% experiencing ≥2
disorders. Anxiety disorders emerged as the most common
category, affecting 5.6% of adolescents [5].

Specific disorders show sex-related variation within the
age group of 10 to 17 years. Attention-deficit/hyperactivity
disorder (ADHD) had an overall prevalence of 3.5% but
was significantly higher among male individuals (4.7%) than
female individuals (2.3%), and among younger adolescents
aged 10 to 13 years (4.8%) than those aged 14 to 17 years
(2%) [6]. Conduct disorder is estimated to affect 8% overall,
with higher rates among male individuals [7]. Conversely,
major depressive disorder, with an overall prevalence of
2.1%, was more common in older adolescents (3% vs 1.2%)
[5]. These demographic variations suggest that experiences of
mental distress manifest differently across development and
potentially between sexes, implying that interventions such
as “Dəˈskəs,” the study’s custom-made social media–based

platform, may benefit from content and engagement strategies
tailored to specific age bands, such as early vs late adoles-
cence, and potentially to sex considerations.

Multiple risk factors contribute to this burden in Kenya
and the broader sub-Saharan African (SSA) region. These
include pervasive socioeconomic challenges such as chronic
poverty and unemployment; exposure to violence, conflict,
or abuse; conditions such as HIV-AIDS; academic pressure;
the negative influences of digital technology and social
media; identity formation challenges; and rapid sociocultural
changes impacting family structures and values. The recent
COVID-19 pandemic has further exacerbated these risks,
increasing psychosocial distress for many young people [8].

Despite the evident need, access to and use of mental
health services for adolescents in Kenya remain severely
limited, reflecting broader challenges across SSA [9].
Systemic barriers are profound, characterized by chronically
underfunded public health systems, with mental health often
receiving low priority in policy and budget allocation [10].
There is a critical shortage of trained mental health profes-
sionals, with estimates for the African region being dras-
tically lower than global averages [11]. This scarcity is
often compounded by poor infrastructure and geographical
disparities, concentrating limited resources in urban areas.

Social and cultural factors present formidable barriers.
Pervasive stigma associated with mental illness leads to
discrimination and social isolation and prevents individuals
and families from seeking help for fear of negative judg-
ment [12]. Poor mental health literacy, misconceptions about
the causes of mental illness, and cultural norms that discour-
age open discussion of emotional problems further impede
help-seeking [13].

At the individual and family level, barriers include a lack
of awareness about mental health conditions and available
services. Financial constraints, including the affordability of
devices and services and the costs of medication and services,
are significant obstacles [14,15]. A substantial proportion of
caregivers prefer to manage problems within the family, and
there can be a lack of trust in formal health care providers or
even digital health solutions. Parents act as crucial gatekeep-
ers to care for adolescents, but their own lack of awareness or
fear of stigma can prevent access.

Consequently, service use is extremely low. K-NAMHS
revealed that only 11.1% of Kenyan adolescents (aged 10-17
years) who were identified as having a mental health problem
had accessed any support services in the past year. This
aligns with broader estimates suggesting a 90% treatment gap
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in SSA and indicating that approximately 99% of Africans
needing mental health services do not receive them [16].
Strikingly, among the few Kenyan adolescents who did
access services, the vast majority turned to informal sources:
34.2% consulted religious or faith leaders, and 31.9%
spoke to school staff. Only 10% saw physicians or nurses,
and only 2% saw psychiatrists. This pattern underscores a
significant disconnect with the formal mental health system,
likely driven by accessibility, cost, and stigma concerns
[17]. It strongly suggests that effective interventions must
either integrate with existing trusted community structures or
provide highly accessible, low-stigma alternatives [18,19].

Potential facilitators for improving adolescent mental
health care include leveraging settings where adolescents
congregate, such as schools, which are recognized as vital
entry points. Community-based approaches involving lay
health workers or peers can increase reach and reduce
stigma [20,21]. Family involvement is also seen as important.
Adolescents themselves identify various self-help strategies.
These existing coping mechanisms offer valuable insights
for developing culturally resonant intervention content [22].
Integrating discussions or activities related to these familiar
strategies within “Dəˈskəs” could enhance its relatability and
acceptance. Digital technologies offer a promising avenue to
overcome many traditional barriers.

Methods
Study Design and Population
The research uses a human-centered design (HCD) methodol-
ogy structured into 3 phases: project initiation and forma-
tive research; platform development and content creation;
and intervention implementation and monitoring, followed by
evaluation and dissemination. The primary study population
consists of adolescents and young people in Kenya. For
this study, adolescents are defined as participants aged 18
to 19 years, while young people are defined as those aged
20 to 24 years. Recruitment targeted diverse geographical
locations, specifically Kibra (urban), Kikuyu Town (peri-
urban), and Nachu (rural), to ensure representation across
different socioeconomic settings.

A purposive sampling methodology was used to enroll
participants from community settings, including sporting
events, schools, and youth centers, or through house-to-house
outreach conducted by community mobilizers familiar with
the local areas. This study was not registered in a public study
registry.
Expertise in the Development Team
The multidisciplinary team is both technically sound and
clinically safe. The HCD researcher (led by the princi-
pal investigator) is responsible for designing digital health
interventions (DHIs) through HCD principles, preparing
the research protocol, and leading the usability and user
experience (UX) testing of the prototype. This role ensures
that the community’s voice leads the technological solution,
making the intervention community-led and responsive to

the needs of low- and middle-income populations. Comple-
menting this, a clinical psychologist is embedded in the
development team to ensure that all chatbot content is
developmentally appropriate and clinically sound. Their role
involves informing the design and development of the AI
intervention, specifically within the context of adolescent
mental health. By supporting both the technical and thera-
peutic aspects, the psychologist ensures that the chatbot’s
responses are fine-tuned to achieve desired behavioral
outcomes while maintaining clinical integrity.
The “Dəˈskəs” Intervention and Co-Design
Activities
The intervention platform, “Dəˈskəs,’’ derived from the
English word “discuss,” is designed to provide a safe
online space for connection, peer interaction, and access
to reliable health information. Its AI-powered chatbot was
iteratively refined through participatory co-design. During
the focus group discussions (FGDs), participants identified
mental wellness needs and gaps and used sketching and
discussion activities to propose chatbot features, naviga-
tion elements, language, and content. Feedback from each
design cycle was synthesized by the research team and
reviewed with the clinical and technical teams. Identified
changes were then incorporated into the chatbot’s content,
conversational responses, interface elements, or functionality
before the subsequent design cycle. This iterative process
was conducted through 3 planned co-design cycles, with
each cycle informed by feedback from the preceding cycle.
Facilitators received standardized orientation to the discus-
sion guide, informed consent procedures, confidentiality,
respectful group facilitation, and procedures for responding to
distress or safeguarding concerns before conducting the FGDs
[23].

The AI-powered chatbot operates using retrieval-augmen-
ted generation (RAG) architecture. This architecture separates
the retrieval of information from the actual generation of
text. When a user submits a query, the text is first processed
by Voyage AI’s (MongoDB Inc) embedding model, which
translates the user’s natural language into a dense vector,
enabling precise semantic searches against a Weaviate vector
database that stores the platform’s verified knowledge base
for targeted retrieval. The verified knowledge base contains
the content listed in Multimedia Appendix 1. The retrieved
clinical context, coupled with the user’s recent conversation
history, is routed to Claude Sonnet 4 (Anthropic PBC). This
approach is intended to ensure that responses are warm,
conversational, and strictly grounded in verifiable source
documents, minimizing the risk of AI hallucination.

Safety is built directly into the system’s foundation.
To maintain a highly controlled environment, the genera-
tive model is governed by a strict foundational system
prompt designed specifically to counteract prompt injection
attacks. If a user attempts to bypass the model’s constraints,
alter its designated persona, or reveal its underlying instruc-
tions, the system is programmed to ignore the manipula-
tion entirely. Therefore, the chatbot remains locked into its
role as a supportive, nonclinical assistant. Supporting these
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conversational guardrails is a secondary layer of backend
infrastructure. The system uses automated token limitations
that truncate oversized inputs. This mechanism preempts
unexpected behavioral anomalies, guaranteeing that the
model operates within safely established processing thresh-
olds at all times.

Beyond managing everyday conversations, the architec-
ture is sensitive to user vulnerability. The language model
is explicitly instructed to recognize linguistic markers of
severe distress, such as expressions of self-harm or acute
crisis. When these critical triggers are detected, the sys-
tem’s primary objective changes, and it interrupts standard
conversational flow to prioritize user safety, rapidly surfacing
predefined emergency resources and crisis hotline numbers.
Beyond psychological safeguards, the platform also imple-
ments strict technical protections. The backend enforces
sliding-window rate limiting based on individual client IP
addresses. This infrastructure-level constraint (1) mitigates
the risk of automated abuse, and (2) ensures that the platform
remains highly resilient and accessible to users who need
immediate support.

High-risk chatbot interactions, such as those involving
self-harm or crisis situations, are designed to trigger 2 actions.
First, the chatbot immediately suspends all ongoing conver-
sations. Second, it displays a prompt directing the user to
a toll-free phone line where they can speak with a health
care provider. This number is available 24 hours a day. The
chatbot does not include a human review of conversations or
any follow-up support within the app.
Behavioral Health Screening: The Global
Appraisal of Individual Needs–Short
Screener
To identify participants’ mental health needs, the study uses
the Global Appraisal of Individual Needs–Short Screener
(GAIN-SS; Chestnut Health Systems) [24]. This valida-
ted tool screens for various psychological and behavioral
disorders across 4 primary categories. The internalizing
disorder screener (IDScr) focuses on problems such as feeling
trapped, lonely, sad, depressed, or hopeless, as well as sleep
disturbances and significant anxiety or panic. The externaliz-
ing disorder screener (EDScr) screens for behavioral issues,
including difficulty paying attention at school or home, and
interpersonal conflicts such as bullying or starting fights. The
substance disorder screener (SDScr) evaluates the frequency
and impact of alcohol or drug use, looking for social
problems or withdrawal symptoms. The crime and violence
screener (CVScr) identifies issues related to interpersonal
violence, such as physical altercations, and illegal activities
such as property damage or drug distribution [25-28].
Data Collection and Analysis
Data collection varied by study objective, using both
qualitative and quantitative methods. For the formative
research phase, 12 FGDs were conducted across the 3 study
locations, with groups stratified by age and sex. Each FGD
comprised approximately 6 to 10 participants and lasted
approximately 60 to 90 minutes. Discussions followed a

semistructured discussion guide covering mental wellness
needs, existing sources of support, barriers to help-seeking,
preferences for digital support, and desired chatbot function-
ality. A trained facilitator led each discussion, supported by a
member of the research team responsible for field notes and
session documentation. With participants’ consent, discus-
sions were audio-recorded and transcribed for qualitative
analysis.

In the implementation phase, 40 adolescents per loca-
tion were planned to be onboarded for 2 months. Quantita-
tive data were planned to undergo univariate and bivariate
analysis, while qualitative data from FGDs and interviews
were planned to be analyzed using thematic, content, and
narrative analysis.

Quantitative data include baseline and follow-up measures
and platform use analytics. Engagement metrics include the
number and frequency of platform sessions, chatbot interac-
tions, session duration, use of key platform features, and
patterns of engagement over the 2-month implementation
period. These metrics will be summarized descriptively to
characterize uptake, frequency, and intensity of use, and
changes in engagement over time. Qualitative feedback will
be used to contextualize observed engagement patterns and
identify factors influencing continued or discontinued use.

All participant enrollment and follow-up procedures were
completed by May 27, 2026. In Nachu, 90 (34.4%) partic-
ipants were enrolled; in Kibra, 86 (32.8%) were enrolled;
and in Kikuyu Town, 86 (32.8%) were enrolled. For the
exploratory FGDs, 72 (27.5%) participants were enrolled, 116
(44.3%) were enrolled for the usability testing phase, and 74
(28.2%) completed follow-up for the usability testing. Data
analysis is ongoing.

Validated tools, namely the Mobile Application Rating
Scale (MARS) [29] and System Usability Scale (SUS) [30],
are being used to measure the feasibility, usability, acceptabil-
ity, and applicability of the app.

Ethical Considerations
The study was reviewed and approved by the Strathmore
University Institutional Scientific Ethics Review Committee
(SU-ISERC; SU-ISERC2980/25) and is approved for the
period from November 4, 2025, to November 3, 2026.
Participation is voluntary, and written informed consent is
obtained from all participants before study participation.
Participants are informed of the study purpose, procedures,
potential risks and benefits, confidentiality protections, and
their right to withdraw without penalty. Participants identified
with significant mental health concerns are referred to an
appropriate public youth-friendly health care facility.

Data Privacy, Storage, and Access
The platform minimizes the collection of personal infor-
mation and does not intentionally collect direct identifiers
such as names, national identification numbers, or telephone
numbers through the chatbot. However, chatbot conversa-
tions may contain sensitive mental health information and
will therefore be treated as confidential research data [31].
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Conversation content retained for research purposes is stored
securely and protected using transport layer security (TLS)
for data in transit and Advanced Encryption Standard (AES)–
256 encryption for data at rest. Technical metadata required
for platform operation and evaluation, including time stamps,
session information, and use metrics, are limited to the
minimum necessary for the study. Access to research data
is restricted to authorized members of the research team
according to their study roles and responsibilities.

Personal and conversational data will be retained only for
as long as necessary to fulfill the approved research purposes
and applicable institutional requirements, after which data
will be securely deleted, anonymized, or pseudonymized.
Conversation data will not be provided to third-party AI
providers for their own purposes or used to train exter-
nal commercial AI models. Any future use of study data
for model development or other research purposes will
require appropriate ethical and governance review and, where
required, additional participant consent.
Trade-Off Between Anonymity and
Longitudinal Monitoring
The decision to minimize the collection of direct identifi-
ers prioritizes privacy, confidentiality, and stigma reduction
but limits the ability to link individual chatbot interactions
across time, conduct participant-level longitudinal follow-
up, and directly contact participants after an interaction.
Accordingly, longitudinal assessment will rely primarily on
deidentified platform-level use metrics and study assess-
ments collected through the approved research procedures.
Safety monitoring will continue through predefined risk
triggers, flagged interactions, and human clinical review, with
referral procedures activated when significant mental health
concerns are identified. The study will therefore prioritize
data minimization while retaining information necessary for
evaluation and participant safety [32].

Results
Overview
The project field activities started in January 2026. Formative
data collection was planned to be completed across the 3
Kenyan study sites by the end of February 2026. Usability
and UX testing was planned to run from March 2026 to
June 2026. Findings from the formative work, baseline data,
and usability and UX testing will be reported in subsequent
original research publications. The study was funded by
the Royal Academy of Engineering, UK in 03/2025 and
approved by the Strathmore University Institutional Scientific
Ethics Review Committee (SU-ISERC; SU-ISERC 2980/25)
approved from November 4, 2026.
Core Domains
The study is expected to generate several key outcomes
across 3 core domains: feasibility of implementation,
applicability and clinical impact, and usability and UX of the
“Dəˈskəs” platform and its AI-powered chatbot for adoles-
cents and young people in Kenya.

Feasibility of Implementation
The research is expected to provide a clear understanding of
whether and how the “Dəˈskəs” social media–based platform,
including the large language model (LLM)–enabled chatbot,
can be implemented within the realities of Kenyan adolescent
and youth people’s contexts across urban (Kibra), peri-urban
(Kikuyu Town), and rural (Nachu) settings. Findings are
expected to identify both enablers and barriers to implemen-
tation, including (but not limited to) access to smartphones
and connectivity, data affordability, privacy constraints,
digital literacy, and contextual preferences that influence
uptake and sustained use. The study will also assess the
practical feasibility of conducting the 2-month onboarding
and monitoring procedures, including recruitment pathways
(eg, community events, schools, youth centers, and house-to-
house outreach), participant retention, and the operational
requirements for safe implementation (eg, escalation or
referral processes for participants with significant mental
health needs).
Applicability and Clinical Impact
The study will explore the applicability and potential mental
health impact of “Dəˈskəs” and its chatbot in supporting
the mental wellness needs of adolescents and young people.
Results are expected to describe how well the platform
aligns with users’ lived experiences and expressed priorities
identified during formative work, and whether the chatbot and
peer-interaction features are perceived as relevant, culturally
appropriate, and supportive.

The study will also examine whether engagement with the
platform is expected to support earlier recognition of distress,
improved access to reliable information, and more timely
help-seeking (including referral when appropriate). Baseline
screening using the GAIN-SS will be used to characterize
participants’ self-reported symptom domains (internalizing,
externalizing, substance-related, and crime- or violence-rela-
ted concerns) and to inform how the intervention can be
tailored to the needs of adolescents and young people in
these communities. Although the pilot is not designed to
establish definitive effectiveness, the findings are expected
to provide early evidence of the intervention’s potential to
improve mental wellness support in contexts where stigma
and service shortages limit access to care.

Usability and UX
The study will assess the usability and UX of the “Dəˈskəs”
platform and the AI chatbot by examining how adolescents
and young people interact with the platform in real-world
use over the 2-month testing period. This assessment will
evaluate learnability, efficiency, perceived safety, and user
satisfaction, including whether the interface, language, tone,
and interaction patterns are understandable, acceptable, and
engaging.

Results are expected to describe the extent to which
users perceive the chatbot as helpful for expressing concerns,
seeking guidance, and accessing mental wellness information,
as well as how the broader social platform functions (eg,
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peer interaction and communication features) contribute to
acceptability and sustained engagement. Qualitative findings
will capture user feedback on relevance, clarity, trust, privacy
concerns, and content appropriateness, and will be used to
identify specific design and content improvements needed for
subsequent iterations of the chatbot and platform.
Research Impact, Use, and
Dissemination of Results
Evaluating the utility of a culturally grounded, human-cen-
tered AI chatbot and social platform is crucial for understand-
ing its applicability in addressing mental wellness needs
among adolescents and young people in Kenya. Findings
are expected to inform strategies for iterative refinement,
potential scale-up, and sustained use in LMIC contexts, with
attention to equity considerations, including data affordabil-
ity, device access, and privacy constraints.

The intervention is expected to have a positive impact
on mental wellness support processes by improving access
to low-stigma support options, strengthening mental health
literacy, and enabling more timely pathways to help where
needed. Anticipated benefits may include improved user-per-
ceived access to support, increased engagement with reliable
information, and enhanced acceptability of digital mental
wellness tools among adolescents and young people across
diverse settings.

Dissemination of findings will occur at 2 levels. First,
preliminary results will be shared with relevant stakehold-
ers through local dissemination forums (eg, stakeholder
workshops or conference presentations). Second, findings will
be disseminated through peer-reviewed scientific publica-
tions and other knowledge translation outputs (eg, policy
briefs, youth-friendly summaries, infographics, and social
media content), consistent with the protocol’s dissemination
plan. Throughout dissemination, the project will adhere to
responsible research and publication practices, including
ethical conduct, appropriate attribution, and transparency and
integrity in reporting.

Discussion
Principal Findings
This study is expected to provide evidence on the feasibil-
ity, usability, acceptability, and contextual applicability of
a human-centered, AI-enabled mental wellness platform for
adolescents and young people in Kenya. The anticipated
findings are expected to identify contextual factors affect-
ing implementation and engagement, characterize users’
experiences with the chatbot and broader platform, and
identify opportunities for iterative refinement. The study
is also expected to provide early evidence on whether a
culturally grounded digital approach can address barriers to
mental wellness support in diverse urban, peri-urban, and
rural settings.

Comparison With Prior Work
Previous research has identified digital mental health
interventions as a promising approach for improving access
to support among young people, while also highlighting
challenges related to engagement, digital access, privacy,
and contextual relevance [33]. This study extends that work
by combining human-centered co-design with an AI-ena-
bled chatbot and evaluating the intervention across urban,
peri-urban, and rural Kenyan settings. The emphasis on
contextual adaptation and human oversight is particularly
relevant to the responsible implementation of generative AI
in health settings [34].
Reliability and Trustworthiness of AI-
Enabled Mental Health Support
Despite the potential of AI-enabled mental health interven-
tions to expand access, LLM-based systems remain vulnera-
ble to inaccurate, misleading, or contextually inappropriate
responses, which may undermine user trust and create safety
concerns when used for mental health support [34]. The
apparent fluency of LLM-generated responses may also lead
users to overestimate their reliability or clinical authority
[35]. These limitations underscore the importance of bounded
use cases, transparent safety constraints, human clinical input,
and ongoing monitoring rather than treating the chatbot as
a substitute for professional mental health care. The present
study will therefore consider not only usability and accept-
ability but also participants’ perceptions of the relevance,
trustworthiness, and safety of chatbot interactions.
Digital Mental Health Interventions for
Young People
DHIs, encompassing mobile apps, web-based platforms, AI,
social media, SMS, and wearable sensors, are emerging as
a promising approach to addressing mental health needs,
particularly for promotion and prevention among young
people [36]. The increasing penetration of mobile phones and
internet access, even in LMICs, creates potentially scalable
and equitable platforms for delivering health support [37].

DHIs hold the potential to circumvent many long-standing
barriers to mental health care. They can increase accessibil-
ity by overcoming geographical distance and the scarcity of
trained professionals. They may reduce travel and consulta-
tion costs. Furthermore, the anonymity afforded by some
digital platforms can mitigate the pervasive issue of stigma,
encouraging help-seeking among those who fear judgment
[38]. Social media platforms, in particular, are widely used
by adolescents, and some young people prefer using these
channels for health communication [39,40].

Several DHIs targeting adolescent mental health are being
developed and tested in LMICs and African contexts. These
interventions address conditions such as depression, anxiety,
and stress and provide support for specific populations,
such as adolescents living with HIV. Platforms vary widely,
including dedicated apps, web-based programs, interventions
delivered via WhatsApp or SMS, and even digital games.
Delivery models include self-guided formats, group-based
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approaches, and interventions supported by lay providers,
peers, teachers, or trained professionals [41].
Challenges and Barriers to Digital Mental
Health Implementation
However, significant challenges remain. User engagement
and sustained adoption are major hurdles for many DHIs.
Practical barriers in resource-limited settings include the high
cost of mobile data, limited privacy or access to personal
devices, varying levels of digital literacy, and a lack of
content available in local languages [42,43]. Concerns about
data privacy and confidentiality are also prevalent [44,45].
Critically, the evidence base for the effectiveness of many
DHIs in these contexts is still developing, with many studies
focusing primarily on feasibility and acceptability rather than
clinical outcomes [46].
Digital Equity and the Need for HCD
The digital divide remains a significant challenge [47,
48], and reliance on digital platforms may inadvertently
exclude adolescents who have limited or inconsistent access
to smartphones, reliable internet connectivity, affordable
mobile data, or the digital skills required to use online
services effectively [49]. These disparities may be par-
ticularly pronounced among young people from socioeco-
nomically disadvantaged households and underserved rural
communities. Digital literacy, device sharing, and variabil-
ity in connectivity may also influence how frequently and
independently young people can engage with the plat-
form [50,51]. Therefore, equitable implementation requires
attention not only to the availability of the intervention but
also to the practical conditions that determine whether young
people can access and use it. The inclusion of urban, peri-
urban, and rural settings and the use of co-design provide

opportunities to identify these barriers and inform adaptations
that improve accessibility and usability across different user
groups.
Strengths and Limitations
Key strengths include the use of an HCD approach, engage-
ment of adolescents and young people throughout develop-
ment, inclusion of diverse geographic settings, and integration
of clinical input during intervention development. Limitations
include the nonrandomized design, relatively short 2-month
implementation period, reliance on self-reported measures,
and potential digital-access barriers that may limit participa-
tion among young people with limited connectivity or device
access.
Future Directions
Findings from this study will guide refinement of the
chatbot and platform and inform subsequent studies assessing
effectiveness, longer-term engagement, and scalability. Future
research should examine implementation across additional
Kenyan settings and assess whether the intervention can be
adapted sustainably to other low-resource contexts.
Conclusions
This study addresses an important gap in evidence on
culturally relevant and responsible AI-enabled mental health
support for young people in Kenya. By combining youth-
informed design with clinical input and evaluation across
diverse settings, the study is expected to clarify the practi-
cal opportunities and challenges of using AI-enabled digital
platforms to support mental wellness. The findings may
inform future refinement, implementation, and evaluation of
equitable digital mental health interventions in Kenya and
other low-resource settings.
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